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Intro: Status Quo in Research & Industry



Research Trend

A New Golden Era for Data Management, 2026, Gustavo Alonso: slides
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GPU Data Processing: Research & Industry
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Background: GPU Data Processing
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GPU System Primitives: Problems & Challenges
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GPU Data Systems
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GPU Data Systems
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Common Technique 1: Compression
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Common Technique 2: Overlapping
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My Research
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My First Meeting with Carsten: A Roadmap
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1. GPU & Parquet, DaMoN 2026
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Problem: GPU Bottleneck With Parquet
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Parquet Configuration Defaults for CPUs
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Parquet Configuration Defaults for CPUs
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Issue: CPU Defaults Config. ≠ GPU Optimal Config.
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2. PystachIO, VLDB 2026



Overlapping: Storage, Networks, and Computation
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PystachIO: Fast Storage and Fast Network
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PystachIO: I/O Queue
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Teaching

• SS 2026: ADMS
• SS 2025: ADMS, Best Exercise
• SS 2024: ADMS
• WS 2023: SDMS
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Thanks For Your Attention!
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